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Taiwan has already entered the plural cultural society, government and the relevant units have con-
cerned the new immigrant's rights and demands (especially new immigrant women) for a long time. Also,
they have already planned a lot of policies and made great efforts to promote the new immigrants women
living quality. However, what are the really medical care rights and interests for new immigrant women? It
needs deeper analysis to discover immigrants demand truly, avoid excessively emphasizing ‘assimilation’
and ‘accommodation’ to produce inappropriate immigration health care policies.

The paper is a comparative analysis between two survey databases of Ministry of Interior, R.O.C. Pro-
posing the idea incorporated ‘the customer need’ in the design of the health care system, the related analysis
between demographic and social-economic characteristics of new immigrant women hopes to construct a
differentiated medical treatment and health care service of every sector of new immigrant women. The im-
proved ‘association rule’ is applied to prospect the nationwide large-scale database, which can find out more
accurate relationships between specific population attribute and health care needs.

Finally, this study combined medical specialty and sociology to carry on the evaluation and analysis of
relevant discussions. This paper hopes to provide suggestions of an integrated health care system of social
networks and medical institutions for new immigrant women health care service policies.

Keywords: new immigrant women, health right, association rule
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zhtlakbanlaz BHALER A EHAE > 240 AL FHBRR - Gl4cHIE D B
£ ABC - /i # 4 A—BC, B5AC, C—AB, AB—C, AC—B, BC—A % M 520 L7 & * b 2 97
B oo

T
E| [ Tiemeer
i Sy
B > > N
A
B
A
A B
e
""""""" Itemset Supg
AT N
AC AC Ttemset ups
AR [ > AL [ > A
BC -
BE B ABE
BE
E
-
[ A
Sy

W 2 Apriori ¥ B ol(Z & & ¥ & T, 2010)

LWL Apriori B E AR I Q2 2T R EARE P A MR o £EE - BRI
HA(X—-Y)F 2 * 2 35 & (Support) ~ ¥ A& (Confidence) 2 3 & & (Lift) ¥ = B dp i k=i H »c* o
S A



32 KPR AR A PR A

3.2.1 & #% & (Support)

- BEPE Xl F xﬁ;ﬂt(SupportCount) THRLAFEDPEXTLE BB nEp B XNLER
P2 235 B Xeh b Blicib2 & Blicent 5] o BEERP] XY mkéir}i: P EXBEY R
s >

Support(X—Y) = P(XNY) 1)

BTSRRI R F && > SRS MBRAAR T 2 TR A Fh e T A A FRGEN T H
F R EARLR o
3.2.2 % # & (Confidence)

HARDEXE g2 8%mp FY s

Confidence = P(Y|X) = P(XNY)/P(X) Q)

P MR RIGE R o MRl PREIL KRG VR XFLW O TRERGIEEEDY
_'rﬁx;’,ip‘fi CMERREF RA > BHEARAZER - THFRE L ﬁf‘w‘?j FogmEkEl X FAR
FHEREIED Y s F2 o FIP A R GENT B F DM -

3.2.3 3 ¥ ®(Lift)

FAFRECHRF AN I NSO UF > BFHEERHEELT A 1 PP EREREA

BY B4 FE 7431 24314 L AEDMEBRD o
Lift(X—Y) = P(Y|X)/P(Y) (3)

HAL P &L MBRRPiE 23 2 Y RAF 2 T4 25 L& FF MR
AAFRECHFAFEINHFLE 7L hrgsap Y s ﬁﬁ—?)’j% v T ZE L BB
%F“Jffﬁﬁ)iéf’}%'ﬂ\%i%ﬁﬁ Y@SQ;%&;:‘&,%;L@_,&%« ,]L%Lbkg%%gljm, ;F')—‘;,‘%«}%, ,,Lgt
B YBA2ZF o RESIEEA S REF DM BARA o

3.3 % 7| Apriori;x £ x(1)

Dunkel & Soparkar(1999)# ! Column-wise Apriori Counting = ;% 2 i & 4> Row-wise Apriori
Counting > ;V kiF ¥ I eiE p & > VH 3 HPF FE»ea » BFE 2407 B 3977 ¢

1y Ly = {frequent l-itemsets}: // Column-wise scan
2) for (i = 2 until /., _, # (} step 1) do begin
3) (' = apriori-gen( /. _): // New candidates
3a") forall candidates ¢ « (/;, do begin
1) forall (/ — |)-subsets of ¢ do
n Verify the subset is frequent:
6") if < has no infrequent subset
7 Count the support of ¢ by conjoinment:
8) end
9) Ly = {¢ & (] c.count > minsup }:
10) end
11) Answer — Ug Ly -

® 3 : Column-wise Apriori ;% & /= (Dunkel & Soparkar, 1999)
Zhang et al.( 2009) & ** = & P ##3F ¥ 4% ) Vector-based /% & /& k"% iCigEAp 59 p & & i
T ooxerd BT (Pruning)iEE € 2 AFRGRIE R 0 HiFE 40T Bl 4T



Input: a transaction database 7). the nmummum threshold
of support minnSupNemn

Output: the set of frequent itemsets L

1) for all transaction r =D do

2) generate T

3) L, = (frequent l-itemsets):

4y Cy =L o0 Ly

5y Lo={ce=E Ch| sup(c) = MinSupNuml: // sup(c) is the
result of the formula (4)

G6) for ( A=3: L7 o: A++ ) do begin

7) for j=k: j =< m: j++ ) do
8) generate C‘IV‘,’J_Ff1 :
. = candidate__gen(ZLy 1):
9) L= {c= Cy | sup(c) = MinSupNun )
10) end

11) Returm L. = U Ly
candidate gen( frequent itemsets Ly 1 )
1) for all (/-1)-itemset /< Ly, do

2) for all i; =7y, do
3) /5 is the result of the formula (2)

if for every (1 < 7 < k) such that S[7] = /-1 then
4) add /U {7} to Tyt

@ 4 : Vector-based Apriori ;& & ;2 (Zhang et al., 2009)

d *t Zhang et al. (2009) < Vector-based Apriori i# & ;2 - # % & } §##38 & %4 Row-wise = %3+ &
s e Ay #E & Dunkel & Soparkar (1999)# Zhang et al. (2009) e /% > %‘gd Column-wise
and Vector-based 3+ & = ;% kb R E B ek F Y N aaE p B & o % 0 e 23] Apriori F B
o T A 4 E 2 b SE(T1, T2, T3, T4, T5, 76, T7, T8, T9)2. 7 #2 4 38 f (A, B,C,D,E) 4 6] » 4r
T A LT 0 TR k] A 4F BB Spin=2 1817 A rT L ANF B 2 i B h P

21025 P o

2B B 2L ASIER

001 A-B-E

002 B

003 B-C

004 A-B-D

005 A-C

006 B-C

007 A-C

008 A-B-C-E

009 A-B-C

Stepl: & tiuf4 £ 5P mgf.a Bl o a2 2 A R AR o
F 2 A d R
A B C D E Sum
T1 1 1 0 0 1 3
T2 0 1 0 0 0 1
T3 0 1 1 0 0 2
T4 1 1 0 1 0 3
T5 1 0 1 0 0 2
T6 0 1 1 0 0 2
T7 1 0 1 0 0 2
T8 1 1 1 0 1 4
T9 1 1 1 0 0 3
Syunnart 6 7 6 1 2

42,5 1-ixEmp & Cl1={A B,C,D,E}-
Step2: &iE 1-ix:E3% P B & Cl> R~ 1-~4lsmp g &Ll
d 3% ko) A #F B Snin=2" Flt g CL &9 23p D> Fl% S A 40T £ 3977 ¢




2314 & 12 Hped

T1

T2

T3

T4

15

T6

T7

T8

Rk, OPRPOOIRFD
wn
W RN NN W

T9

NP, P ORORRFRRPRRD
O R R PR R RFPR O OO

N O, OO OO oo R |m

Sl innort 6

F43%5 1% e & & LI={A B, CE}-
Step 3: iz » County » £ 4738 £ 2 % 38 P 440 Sy 22 £ 3 B # Sypport ©
@7 LS R EE o F ) R E Counti 0 A R X BT R M TR RS
AU AR R g“’ bl4v B B (7 C2 et fedtE B #ics 20 RIR 2 Countp=2 ¢ Fut o
FRE RIS R 2 B T2 FER S SRR LR L Rl £ 440

P4 B pFRATD N B

A B c - -
T1 1 1 0 ; :
T3 0 1 ) . :
T4 1 1 0 . ?
15 1 0 ) . ’
T6 0 1 ) . ?
T7 1 0 ) . ?
T8 1 1 5 X ;
T9 1 1 5 . ‘
Suunnart 6 6 5 )

#%4{A B CEMBHEP ht#F B & E 05 2 FBFRSHn=2" 7 1% C*,=6 i
@5 2-iziE 7 P & & C2={AB, AC, AE, BC, BE, CE} -
Stepd: FE % - FFEEP BELEC2 fKB2-5AEP B L L2

8 AW %:A=(1,0,1,1,011,1);B=(1,1,1,0,1,0,1,1) ; C=(0,1,0,1,1,1,1,1) : E=(1,0,0,0,0,0,1,0) -
B iR N o <AB>=4; <AC>=4 ; <AE>=2; <B,C>=4 ; <B,E>=2 ; <C,E>=1 - Bv A f % 3
B E A E] A A B Snin=2 e HH P R IR<CE>I P oA 2.5 P f & L2 K7 L2={(AB),
(AC), (AE), (B,C), (BE)}
Step 5: iz » Counts » &€ 373+ 8 & % % ¢35 P 3o Sy 22 3L 3 B B Sypport ©

% T Count3=3» F]pt 4] f’i BAo | 3 3k B Ju}ﬁ; T3.T4,T5,T6,T7» £ £ 5 5 = P52 &
P e FRREACT AL AT
%50 BZREEED LR Bk
h ; - E Sum

T1 1 1 0 ; :

T8 1 . 1 1 ;

T9 1 1 ) . 3

Sunnort 3 3 5 )




%% 4 {ABCEM BHP i BHA A E30E) A FBESyin=2" 7% Ch=4 %
%= ?3551? p & & C3={ABC, ABE, ACE, BCE} -
Step6: & % = iEM P £ C3> £P3-+xq|mmp & L3

w B A A A=(1,11) 5 B=(1,1,1) 5 C=(0,1,1) 5 E=(1,1,0) = 3+ & & » £ p f v <AB,C>=2 ;
<ABE>=2; <ACE>=1; <B,CE>=L e & B b ff + %0 & £ 20 do | L 45 B e Spin =2 ePfe 1P+ #%
<ACE>-<BCE>m% p » ;=% 3-+x 3@ p & L3 £ L3={(AB,C), (AB,E)}

3.4z 23] Apriori ;% & x (I1)

Huang, Liao & Lin (2011)# 1 A data cutting and sorting method (DCSM) = ;% k& F 113038 P
3@’—‘;’3‘%%?—&'5&‘%# E’v“/ﬁﬁlz"&rﬂ‘g}SHTT

Srepd Transfer the original database into the original Boolean
matrix, &M,

S EDR =2 BM,
 for i =1 to Ng

1

2 for j= 1 to Ny,
3: ifO;, € R,
4: Epy =1

5 else

6: Ep; =0

7 endif

8] endfor

9: endfor

Srep2 Establish the first large itemsets, L,

10: NT,=NT,
11: for x =/ to NT,
12: if SF[},.\' = Snu.'r

13: delete {y
14: NT,=NT; - 1
15:  endif
16: endfor
/* the remained items become the elements of the first
large itemsets, M, ,
/M wherex=1,2, ..., NT,
17: NI =N,
18: for x =1 to Ny
19: if 85, =1

20: delete Ty,
21: Niy=NI; — 1
22: endif

23:  endfor
24: [, =sore( H, ) /* recalculate the support of each item,
A% the items of BM,; are arranged in the order of their
supports

Step3 Establish the second large itemsets, L

25: for x=1 to NT;- 1
/* extract the item which has the minimum support
26: NT,=NT,;

27 delete T ; where E,;;, =0
28:  fory=/to NT,-
29; if SPJ’ = S i

/* (1. 1;,) become the element of the second large
itemsets, >,

10



Step4 Establish the third large itemsets, L;
30: for z=1 to NT, - x-y
31: if SPs.= S,
! *(1; «, Iy I ) become the element of the third large
itemsets, /;,

32: endfor
33 endif
34:  endfor

B 5 DCSM % & /= 4% (Huang, Liao & Lin, 2011)

3 2 & DCSM 4 Row-wise Apriori Counting = ;%> 2™ 4% 4 5 3 % %%.(T1, T2, T3, T4, T5,
T6,T7,T8,T9)2 7 % 235 p (A B,C,D,E): b  # K T | L F B Snin=2:817 2:c 278 2
SF B B
Stepl: ixftitd £33 P imfe ] 0 12 2 A H RAEL > dodk 647 o

# 6 A4 i REE

A B C D E Sum
T1 1 1 0 0 1 3
T2 0 1 0 0 0 1
T3 0 1 1 0 0 2
T4 1 1 0 1 0 3
T5 1 0 1 0 0 2
T6 0 1 1 0 0 2
T7 1 0 1 0 0 2
T8 1 1 1 0 1 4
T9 1 1 1 0 0 3

Support 6 7 6 1 2

%675 1-izEsEp & & C1={A,B,C,D,E}-
Step2: é#:E 1-iE@ p E&Cl, R 1-<qmmp &Ll
§ 0 o] L3 B H Snin=20 Fl#IF CL A 5 ¢ 2580 Do #If A L% Syppon @ * F)
PH o Aok T 90T 0
27 <MD Lz HRELEFEAEE)

B A C E Sum
T1 1 1 0 1 3
T2 1 0 0 0 1
T3 1 0 1 0 2
T4 1 1 0 0 2
T5 0 1 1 0 2
T6 1 0 1 0 2
T7 0 1 1 0 2
T8 1 1 1 1 4
T9 1 1 1 0 3

Support 7 6 6 2

%75 1-~415%p & & L1={AB,C,E}-
Step3: ZE >3 P E e 2-4] R4 Re2 -
FIR L (7T AR Sun<2 1 b T2 2 0 PHIE Sypon B AR B E SR 7 E e 24 papdad
%# ) %“'J%IE P ESOe2% T3, T4,T5 T6, T7,T9 =2+ Rg2 4%k 8 #f7
1




4.8 1 p Eh2-4|p4EL Re2

E/ B A C Sum
T1 1 1 0 2
T8 1 1 1 3
Support 2 2 1
Stepd: 2> p Ecn2-~ )5 p & & Le2-
(@D)] %“‘J‘f Support<2 738 p Cr2Z 23 p Een2-<~ A58 P & Le2 > 40% 9o
# 93 p Ech2-< 35 P £ Lg2
E/ B A Sum
T1 1 1 2
T8 1 1 2
Support 2 2

48 Le2={(E,B), (E,A)}
(2) Step 5: 1= = 55 B EA 1 3-¥[jR 4B Read » 44 10 o
% 10 7 B EA 1 3-4]j8 45 Rea3

EA/ B Sum
T1 1 1
T8 1 1
Support 2

Step6: == p EAH3-x AP & & Lea3 o
1% Supporn<2 3T P > 22235 B EAh3-% A|H P # & Lea 4o % 10 £17 Lea3={(EAB)} -
Step 7: vEi Stepd~6- == p EA e 3-x AP & L3 o
w3 Stepd ek > FRY - REEB e mHRIEP > ikt ke o
Step 8: vfi Step3~7 i =38 p E 12 #h e 2-W B Ry2 o
(3) w» | Step 2 e 7 o
(4) #+5E Syppon % = MaE p C i {7 Cen 2Rt > #Pg38p C 5 060 3 T1, T4 22
Rc2 > 4% 11 %757
% 11 58 p C en2-¥ R4 Re2

C/ B A Sum
T3 1 0 1
T5 0 1 1
T6 1 0 1
T7 0 1 1
T8 1 1 2
T9 1 1 2
Suonort 4 4
(3)# 1% Supporn<2 7L B Z2p Cen2-+x AP & Le2 4rd 12
412 7 p Ceh2-x AP & & L2
C/ B A Sum
T8 1 1 2
T9 1 1 2
Support 2 2

+# Le2={(C,B), (C.A)}

12




(5) 23 p CA#3-HRAEL Read» 4r#k 13-
4. 1338 p CA #1 3-¥] 4B Rca3

CA/ B Sum
T8 1 1
T9 1 1
Support 2

(5) #1'%F Suppor<2 e7E B > 22 F P CAh3-% A1 & Lead > & 0 £87 Lea3={(CAB)} -
Step 8-?::f:% Step3~7 & =3 p E, C 1L b e 2-W) A Ro2 o
(1)w 3| Step 2 e 7 -
(2)#4iE Sypporn B % = M AT P AT A e 2-H Rt Flegsm e A 202 T T4 2=
Ra2 » 4r% 14 #7577 @

%14 5 p Ah2-FR4EE Ra2

B A Sum
T1 1 1 2
T3 1 0 1
T4 1 1 2
5 0 1 1
T6 1 0 1
T7 0 1 1
T8 1 1 2
T9 1 1 2
Support 7 6

(6) (3)%'1% Support<2 738 P » =22 3E P A 2-x A5 P & La2 > 4r%k 150
%15 5P A 2-<~ A3 P & & La2

A/ B Sum
T1 1 2
T4 1 2
5 0 1
T7 0 !
T8 1 2
T9 1 2
Support 4

(4)d > 2 15 7§55 p By i dd = p A3+ 3500 & E40F -
(5)w F| Step2 e 7> R FIH B B Hprsikak frg 3 o
&% L2={(AB), (A,C), (AE), (B,C), (BE)} -

L3={(A,B,C), (A,BE)} -

d itk G > ¥ A 2] Apriori( I )frsc 2 Alm B 2 (M) &E =+ B p F & L22 L3 &
S Apriori FEZ REREE LR 2R o

P2 7] Apriori i ¥ (1) 5 B4 F40F FRE- 5~ A 2 5 - FFRGEND B &2 2 AT
PREMIPEREF R  ABRPEETPEG > 2V REHFE LV AMBRA DGR
WEE - Aexad Apriori 752 ()75 @RS LATH  TEEIFETHEL > 2 53 P and
FREFEA - GA MG ERTRFER > 7 HRAF LR P 0 BV 8 T A MR R

13




BFRENE B -

A3t F EE * e A Apriori JF B JE (1) ez 23] Apriori w5 2 (1) 1} 240,837 £ %k &k L = &
hager K phpRig A /r#\ﬁifz’% AFARE 13345 L i fhend L BN BE A ERB ST RABATHE
Be > Sd XA F b | AFRERHEEAN 1 PR S RBEEBLHAEET » F4H5
AR AR FREET Fezo B enbf BEALR] o

B nik

41%ﬁ%*ﬁ¥&%&%ﬁaigﬁwﬁﬁ?

T FR L F AP A R F A o § R A g 2003 # 240,837 4 = 02008 = G 13,345
Az 02003 £ hE%2 1R ?5}%”%?— 1»—*1% "Rk aEEkE, (469%) -
rrAREEEE, (418%) ~ TRETET OB A D A4 (381%) 2008 E G & %
11%%%%ﬁ%ﬁﬁ;:§;& rﬁl%%gf}%ﬁ'E"J (23.029%) ~ "THEsaErika | (734%) -~
ri&fﬁ?f}??ﬁﬂ'fr%ﬁ—a—&gmﬁ% (364%) (% 16> W6) -

A &g R, FuE S N AR SR S EOh B R4 E 5 o TR PIR % B> 2003 # ¢
EH Y A TFRA o Bk TREMOREERL 2 TR 2R R, LER S T
72008 #£ A A 0 FeR L SREITH AL 4 DA REAGE 0 TP R 5 T 1.62
% @ A THREFHA 2 TRELTEERE | o TREFFHE B L 23.0200 % & Hf s L
a Fﬂ;“ ? R R F)F A AATH R L B RAESANE 2 G W B m;ILu-PRIﬁg gehp faE (BT 34§

SR EAIE) A G A FRAIR R FREOTOIL  BRF S P FE P DR H AR
*@émi&ﬁ*wéﬂ&mfﬁQJ’ﬂwﬁﬁﬁi%ﬁﬁ&iiﬁﬁ{TﬁJ’E%%ﬁi%
B S BT EG R R LEFIFLOR SRS

£ 16 ATHACRFRIAHEFT R (2

r T‘;’I:El’ 4

_Q i) A ,,\ "_L'-‘;J_'FT A

FBRAEERGLREER- 20 _2°°8¢(N=13345*'”
&%
FRBAhe 2 AR R 9,950 413 216 1.62
e g 5372 223 382 286
B B ek 7,160 297 389 291
RETRTIoBEiv Ak i 9,168 3.81 486 3.64
WA AR 944 0.39 b
RUEATHEFAADAL o 148 111
BEZQEERE 11,288 4.69 979 7.34
BEd T REam *k 176 1.32
ik F oAt e ** 3,072 23.02
H s 130 0.05 40 0.30
# % (missing value) 196,825 81.73 7,457 55.88

ol SR ERANAR LR AR

14




O7EAEET(%) m92EFEAHEET(%)
25.00 23.02
20.00
15.00
‘B
Ay
H: 10.00
7.34
5.00 4.13 3.81 it
2.86 .97 3.64
1.6 2.23 2.9 1.11 1.32
- 0.39 :
0.00 —
S L &%"‘ S I\({: o A % ®\
& & oF S 5 ¥ S ¥ A5
ey ) ¥ S Y % oS & &5
< o® 2 o & 5 £ *
e o o N 3o - =
AP o X N G &G &G
o B 2 &
& Nl

W6 ATHALLFRIANEFT L (LRFR) Ly i
PR R R TR LR TFR LR A o ppE TR 2 R ¥y 2008 # S0 ok
A 5 18.229 > 2008 & 3 43.829; - 4% 2003 £ L ¥ A A B o oA g K0 & 18.2296
2008 i th1f v § > Bk A4k R T) 43.8290 0 i fr 23.0200 8 ¢ 0t TR B F At es ) o
o TEER R AR B RE R o A E T A ARS003 0 THFESL R AAPE LS TR
BB b B o 2 9 | 5 AR LR OB BRR] GE iR AT AL P TR A ST (R
B B ST BAPER B N) RS AR (B RS TR S BARET
WP N Lp %R ar%{%fé"ri%_ﬁJ 2 LA R EHp RA LS LI AHIRTH AT
B Ed F R IR .

4.2 3% LA M BARPFE 2 2 i 3
ArE R ESFTHET 63812 LT 32 B 0 O7 £ G 8424 X TR - 45 B R H K

jdich 6B R R FRPE RSB EI M T FRELF R SRR
F ARG o iEa b e A Apriori( 1) ~ =24 Apriori(1I) ~ Weka Apriori ¥2 Weka FP-growth =
1

CPU : Intel(R) Core(TM) i7-2637M 1.70GHz » RAM : 4.00GB - win7 64 =~ T % % %t -

3017 3 b & 45 B forki A (92 & THE)

2R 0.2 0.15 0.1 0.05 0.03 0.02
3 %) Apriori(1) 14.02(s) 23.864(s) 44.099(s) 58.131(s) 67.076(s) 74.97(s)
sz 24| Apriori(II) 13.57(s) 22.84(s) 34.72(s) 47.83(s) 59.79(s) 66.38(s)
Weka FP-growth 2(s) 3(s) 4(s) 30(s) 96(s) 168(s)
Weka Apriori 13(s) 32(s) 73(s) 195(s) 504(s) NA

It INA) Admta@ldigs

15



P
iy

]

~—

600

500

400

300

200

100

/

/ == 23| Apriori( 1)

==z 2 | Apriori(1I)

Weka FP-growth

i : a B \eka Apriori

0.2 0.15 0.1 0.05 0.03 002 AFR

B 7 F B ni v REI(92 & FAHLE)

B(E 17 M 7)@ e tdo] 4 #5 R 0.03 fof 5 @>1 e
zx 2 A] Apriori( I )i & pF ¥ . Weka Apriori & B prF -1 751 & o
. ) Apriori( 1) =:E 5 pF R i Weka Apriori 38 5 pFFE-1 843 1 o
3. Weka FP-growth & & pF B i Weka Apriori & 5 prRF -7 5.25 12 o
sy % rr LA Apriori(II) > 2 3] Apriori( I ') > Weka FP-growth -

2018 7 b A 4% 0T A (97 EFHE)

A ER 0.2 0.15 0.1 0.05 0.03 0.02
s 24| Apriori( 1) 1.638(s) 29.021(s) 46.847(s) 61.468(s) 62.664(s) 66.414(s)
# 24| Apriori( 1) 2.43(s) 15.38(5) 36.54(s) 67.56(s) 78.82(s) 81.62(s)
Weka FP-growth 1(s) 1(s) 2(s) 16(s) NA NA
Weka Apriori 6(s) 18(s) 58(s) NA NA NA

e
|

T TNA, Adfmtazpd 2%

90

80 ——
-E 70 .
(had gg /( ==z % %] Apriori( 1)
E: 40 - M == 2 4| Apriori( 1)
~ 30 //' Weka FP-growth
1 20 - —><=Weka Apriori

10 -

O 1 T T T T 1

0.2 0.15 0.1 0.05 0.03 0.02 L¥ER
Bl 8 i % st v g BI(97 £ FTALE)

(3 18 B 8)F it ] L F R 0.03 fr#f £ E>1 enffin T > sr 2] Apriori( 1 )5iE & pF Y i

zx 2] Apriori(I) <8 5 P45 > @ Weka FP-growth f- Weka Apriori igfim™ » 4258 &2 v i

razpdiEso
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43 AT#H A+ F R L FAR-MRRAHCRFEH
4.3.1 M BB -

%ﬁ—%ﬁa%,m%&ﬁ%%ﬁﬁ$%ﬂ%m%ﬁﬁﬁﬁ%@?’%uﬂéfﬁér%?Jw
»T}b{”;ﬂ:ﬁfii FaEd e Eﬁ‘itL WA ) A A r.,%*m’Pg%jﬁoné, £ F]L,,,,El,%t r~ >R g lli'-J m%
Frwm Rep AR B F 02004 &£ 11 7 30 p ﬁﬂ-ﬁtr;‘w}# Mol s RAER A S T RE 2 EY 5
gj,%@ﬁ&ﬁﬁggégéﬁ&aaﬁﬁﬁ’aﬁr“%ﬁ%%ﬁﬁﬁﬁéJ’ﬁﬁﬁ%?i
FHM o R R RS R B R Y BER O RN THNFRF A -
HOUFEReRERERLPRTY F 54Ky 4o (5600 %) ~@2 (LR@E2E2 928
B nFoR g E o R0 2008 £ A A 0 fRE e » 2 A GERE fo ' T 16296 o

%5;1%%‘: g r?f%%ﬁai%ﬁéiéﬁp“%i&ﬁJ WL EL o 131 ,;. %%A:F}ﬁj}r‘&%ﬁﬁﬁ, 2 EET R

[EN

[«
qTﬂ

oA 4 ED 8 ETRTH 3\‘;"‘f“*%é%’-@fi}ﬁ‘ﬁkf%%55'753;}%%5?"?’7#%“4 ° l'\z\»:v:ﬁm%’?%y B
TIA ORI FLLRREZTAADEIE R R PEHNET T AR E R A ETE-H

Hih RAL -
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